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Abstract; For the multi-objective optimization in real life ,there are many preferences of decision makers.
This paper proposes a new preference; the weight preference of objective function which derives and
scores from its importance according to policy makers by Delphi method. This preference, expressive and
facilitating, combines with M2M algorithm into a hybrid algorithm for solving multi-objective optimization
problems. The experiments show that various preferences lead to different results in working out the multi-
objective optimization problem, which coincides with the actual practice. Apart from its theoretical contri-

bution, this preference also has its realistic significance.
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Fig.1 Pareto solution to Problem 1 with no preference
K Delphi IEHEATIT o0, B 10 L HRIX 3
ATV A2 A FUAR KRR SR T 0 sk 1.5k 2

Jezs. (1 A2 A B S e BT 7 —HE Y
L)

MOP2

0 0102 03 04 05 0.6 0.7 0.8 09 1.0
A

2 [B)f% 2 AR F Pareto fi#
Fig.2 Pareto solution to Problem 2 with no preference
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Fig.3 Pareto solution to Problem 3 with no preference
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Tab.1 Experts’ scores of Questions 1 and 2 ( Preference 1)

LXK HbseR 8, HEssRE, §5Sy

1 70 30 100
2 66 34 100
3 58 42 100
4 65 35 100
5 63 37 100
6 60 40 100
7 59 41 100
8 61 39 100
9 65 35 100
10 67 33 100
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Tab.2 Expert’s scores of Question 3 ( Preference 2)

Lx BB, BAReR¥S, HARsXs By

1 32 28 40 100
2 30 25 45 100
3 36 30 34 100
4 33 27 40 100
5 32 26 42 100
6 37 25 38 100
7 34 23 43 100
8 40 28 32 100
9 42 24 34 100
10 37 29 34 100
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Fig.4 Pareto solution to Problem 1 with preference
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Fig.5 Pareto solution to Problem 2 with preference
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Fig.6 Pareto solution to Problem 3 with Preference 2
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Tab.3 Exchange expert’s scores of Questions 1 and 2 in
Table 1 ( Preference 3)

ExK FIR R 5L/,

FIAR R f, By

1 30 70 100
2 34 66 100
3 42 58 100
4 35 65 100
5 37 63 100
6 40 60 100
7 41 59 100
8 39 61 100
9 35 65 100
10 33 67 100
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Fig.7 Pareto solution to Problem 1 with Preference 3
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Fig.8 Pareto solution to Problem 2 with Preference 3
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Fig.9 Solution amplification of Problem 1 with Preference 3
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